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Abstract

Hierarchical Mixtures of Experts (HME) (Jordan & Jacobs 1994) and Stochastic Neural
Networks (SNN) (Lai & Wong 2001) are closely related technique in nonparametric
function estimation. The maximum likelihood estimates of both models are usually
computed via the Expectation—Maximization (EM) algorithm. Despite the successes in
many reported cases (Ripley 1996 p. 283-6), the E-step computation is exponential in
the number of experts/neurons and therefore, constrain their applications to relatively
small data sets and/or simple HME/SNN structures. The Bayesian implementation of
HME and SNN reduces the computational burden by using Gibbs Sampler. Employing
the newly proposed parameters expansion technique, we significantly speed up the
convergence of the Gibbs Sampler. Some simulated and real examples will be
presented.
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